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Abstract: In incomplete information system, combining the advantages of maximal consistent relation and multiparticle
theory, this paper proposed the multi-granulation decision—theoretic rough set based on maximal consistent relation based on
consistent relation. Firstly, this paper define variable precision maximal consistent relation and dual-variable maximal
consistent relation respectively for two kinds of incomplete information systems with different value types. Then, this paper
establish optimistic and pessimistic multi-granulation decision—theoretic rough set model by replacing the equivalence relation
with the maximal consistent relation in multi-granulation decision-theoretic rough set. Finally, it is proved that the maximum
compatible relationship can improve the classification accuracy effectively based on model of optimistic maximal consistent
relation, and this paper prove that the robustness of the classification can be improved by multiple classification thresholds at
Multi-granulation.
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